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Abstract

Fake news detection using content features have attracted many researchers in the
last few years. These approaches rely mainly on news datasets and analyzing their
style and content. Although there are some fake news datasets in English, fake news
detection in the Persian language suffers from the lack of suitable datasets. This
article introduces a manually labeled Persian fake news dataset, containing about
5000 posts related to COVID-19 and extracted from Telegram messenger. The
process of building the dataset is done in two stages: 1) data collection and pre-
processing; and 2) labeling manually using a settled rule set and an established
framework. In the labeling stage, seven tasks have been used for labeling, including:
1) Factual; 2) Hate, blame, and negative speech; 3) Rising moral, encouragement,
and advise; 4) Political news; 5) Death statistics; 6) Cure, medicine, and health care;
and 7) Worth to be considered for fact checking. For each labeling task, 3 labels
including “Yes”, “No”, and “Can’t decide” are used. The main labeling task, i.e.
“Factual” task is assigned to two annotators and in case of disagreement between
annotators, the label assigned by third annotator is accepted. The kappa measure for
inter-annotators agreement obtained equal to 0.706 that is in substantial range. This
dataset is about 10 times larger in comparison to similar Persian datasets and can be
used for not only fake news studies but also some other Persian Natural Language
Processing (NLP) studies.
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